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Lies, Damn Lies and Baselines! 
 
Once upon a time, there was a Telecom company. They had decided to outsource their IT Support 
function. Luckily in that instance there were no job losses so media did not show much interest. 
However, there could something interesting for us. 
 
The new service provider had agreed to take the existing staff and inherit the current operational 
processes. The company’s operational processes were in reasonable shape. The company had 
implemented ITIL. It had a Service Desk to receive incidents that were allocated to second level 
support. The second level support resolved the incidents within a “reasonable time”. As an internal 
service provider, the IT department did not have any service levels.  
 
Before taking over the new operations, the outsourcing partner wanted to baseline the current 
performance to set meaningful service levels.  Since there was a service desk tool used, it was not 
too difficult to obtain the historical data. One of the metrics they wanted to baseline was “incident 
resolution time” – the duration between the time when the incident was logged and when it was 
closed.  
 
However, in the pre-outsourcing world, though the second level support was prompt in resolving the 
incidents many of them did not bother the change the state to “close” in the service desk tool.  IT 
Management never analyzed or reported the operational metrics, so nobody bothered. When the 
outsourcing service provider used the “average incident resolution time” data, the value was much 
higher than the reality. 
 
After the services are transitioned, the outsourcing company started closing the records as soon as 
the incidents were resolved. Though there were not any improvements from the end user, the incident 
resolution time metrics showed dramatic improvement. The service provider could demonstrate 
quantitatively that the service levels are improved after outsourcing. The management was very 
happy to see that their decision for outsourcing was paying off.  Obviously the service provider was 
also happy. Everybody lived happily ever after! 
 
Let us have a quiz. The moral of the story is: 
 
A: Using metrics to show performance improvement keeps everyone happy 
B. Outsourcing making everyone happy 
C. Happiness is proportional to the number of colors in the performance chart 
D. It is important to set realistic baseline 
 
If you have chosen, A, B, C you are a very happy person.  
 
If you have chosen D – you will find some tips in this article to create a realistic baseline.  

Baseline: 
 
ITIL defines baseline as “a benchmark used a reference point”. As any improvement is relative to the 
“reference point”, we need to ensure that the reference point is correct. 
 

Change the past? 
 
In our case, we have the historical data available. We know it cannot be changed. So the service 
provider has two options. 

a. Go without baseline 
b. Use the historical data to set baseline 
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The service provider has chosen to take the second option which seems to be better than the first 
option. However there are few other options to be considered. 
 

c. Use the current data after removing the outliers 
d. Use a pilot study to set the baseline 

 
Let us explore these options further. 
 

Use the current data after removing the outliers: 
 
Instead of using the historical data, the service provided could have “cleaned” it up by removing the 
erroneous data.  In statistics they are known as “outliers”. 

Outliers 
 

An outlier is generally considered to be a data point that is far outside the norm 

for a variable or population.  

 

 

Dealing with outliers: 
 

There are statistical techniques to deal with outliers. However, like most of the 

statistical techniques, there is subjectivity associated with the detection and 

elimination. Let us try to apply some non-statistical, simple techniques.  

 

Get a realistic range: 
 

Before setting the baseline, interview few analyst from the second level support 

team. They might say “generally we resolve the incidents between 2 hours to 5 

days. In some special cases, it can even take 2 weeks”.  
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With this insight, we could inspect the historical data. If we come across the data 

points that are well above this range we could straightaway eliminate them. 

 

Catch the good ones! 
 

In any organization, you might find that some people follow the rules to the book. 

You know that there data input accuracy is good.  Identify them before setting 

the baseline and use their data. The assumption is you have handful of people in 

this category. Otherwise we will not get adequate data. 

 

Pilot study: set a new future! 
 

The filtering works well if we have few “outliers” with majority of valid data 

points. If you have absolutely no data or if the data cannot be reliability filtered, 

we need to deal with that. 

 

In such cases we can conduct a pilot study.  In a pilot study, we ask the 

stakeholders to report accurate data for the period of study.   For example, we 

could ask the second level analysts to close the incidents as soon as they fix it. 

We conduct the study for a short period of time, say one month, and use the data 

for baseline. 

 

Remember – it is better to use reliable data collected over a short period of time 

than using unreliable data spanning over many years. 

Tools: 
 

Here are some points to tools you can use to remove outliers. 

 

Tool 1: Grubb’s test: 
 
Statisticians have devised several ways to detect outliers. Grubbs' test is particularly easy to 
follow. This method is also called the ESD method (extreme studentized deviate).  The 
description of the method is not within the scope of this article.  I came across this  free 
“outlier  calculator” which will be handy when you set the baselines next time. 

 

http://www.graphpad.com/quickcalcs/Grubbs1.cfm 

 

Tool 2: Excel Graphs 
 

Excel comes with basic charting option that can be used to inspect the data 

visually and identify outliers.  The following figure shows an example of line 

graph, with potential outliers marked. 
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Tool 3: Box-plot 
 

The box plot is a useful graphical display for detecting the outliers. The following figure 
(source: http://www.itl.nist.gov/div898/handbook/prc/section1/prc16.htm) shows an 
example of box plot (on the right) and the corresponding frequency distribution (on the 
left). The outliers are shown outside the “fence” of the box. 
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Unfortunately, Excel 2007 does not explicitly support box plot. However, it is possible to create one by 
following some simple steps. There are many articles available on the net and also commercial 
macros that will do the job for you. 
 

Tool 4: 
 
Paper and pencil!  One of the multi-purpose tool that is more than adequate for many business 
problems! 
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